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Contract Review Method Combining Clause Identification and Retrieval—
Augmented Generation

LUO Wei', LU Lei', CHEN Qian', LIU Hang', WANG Haoyu®

(1. Guiyang Tobacco Monopoly Bureau (Company) , Guiyang 550004, China;
2. School of Computer Science and Technology , Guizhou University , Guiyang 550025 , China )

Abstract: Contract intelligent review plays a vital role in enterprise compliance management by improving the accuracy and efficiency of risk
prevention. However, large language models often struggle with attention dispersion in long documents and lack sufficient domain—specific
knowledge. These limitations may result in missed identification of key clauses and poor detection of rights and obligations imbalances. To ad-
dress these challenges, a contract review method that combines clause identification and retrieval-augmented generation is proposed. The ap-
proach first uses a sequence labeling model to identify contractual clauses. Then, it dynamically retrieves external knowledge to inject domain
expertise. Finally, the model is guided to focus on critical clauses for compliance analysis and risk assessment. Experiments on real-world con-
tract datasets demonstrate that the method significantly outperforms baseline models, with improvements of 13.27% in precision, 11.43% in re-
call, and 12.33% in F1-score. These results confirm the method s effectiveness in supporting risk prevention for complex contracts.
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Fig. 1 Model architecture
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Table 2 Comparison of experimental results
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Table 3 Results of the ablation experiment
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